ABSTRACT
INTRODUCTION
Fuzzy systems have become popular components of consumer products because they are able to solve difficult nonlinear control problem, exhibit robust behavior and present linguistic representations. These rule-based systems are more suitable for complex system problems where it is very difficult to describe the system mathematically. One of the most important considerations in designing any fuzzy system is the generation of the fuzzy rules as well as membership functions for each fuzzy set. This paper present NEAs approach to solve problem. The solving procedure mainly based on Evolutionary algorithms. It has been observed that there are many drawbacks in the early methods in estimating null values. We have estimated null values more accurately as well as to overcome the drawbacks of the previous methods. Global optimization problems are very difficult to solve. In order to understand the difficulties it is important to note that all local optimization techniques can at most locate a local minimum.
FUZZY EXPERT SYSTEM
The fuzzy expert system works as follows [1] : 1).Determine the fuzzy membership values activated by the inputs.2). Determine which rules are fired in the rule set. 3). Combine the membership values for each activated rule using the AND operator.4). Trace rule activation membership values back through the appropriate output fuzzy membership functions.5). Utilize defuzzification to determine the value for each output variable. 6). Make decision according to the output values.
Membership Functions
A membership function is a curve that defines how each point in the input space is mapped to a membership value as shown in In this paper, the membership functions of the linguistic term, "L" ,"SL ","M" ,"SH" ,and "H" of the attributes and "Experience" in the relational database system are adopted as shown in Fig. 2[3] .
Fuzzy Rule Base
The general form of a fuzzy rule in a fuzzy system is [1] I f x 11 is S1 , and x 2 is S2 , ... ... ..., x k is Sk Then y 11 is T1 , ... ..., and y1 is T1
Weighted Fuzzy Rules
Weighted fuzzy rules are a set of rules including the weights of the attributes; w ij denotes the weight of attributes A i of the i th rule in the rule 
RULE BASE CONTAINS WEIGHTED FUZZY RULES

BASIC CONCEPT OF FUZZY SETS:
In a fuzzy set, each element of the set is associated with a membership value between 0 and 1 described by a membership function to indicate the grade of membership of the element in the fuzzy set. There are two types of membership to represent fuzzy sets. One is the discrete type membership function, and the other is the continuous type membership function. Let U be the universe of discourse, U= {u 1 , u 2 , ..., u n }. A fuzzy set universe of discourse U can be represented as follows: In our paper, the membership functions of the linguistic term, "L" ,"SL ","M" ,"SH" ,and "H" of the attributes "Salary" and "Experience" in the relational database system are adopted as shown in Fig.1 and Fig. 2 respectively, where "L" denotes "Low", "SL" denotes "Somewhat Low", "M" denotes "Medium", "SH" denotes "Somewhat High" and "H" denotes "High".
NULL VALUES
NULL is special value for representing data we don't have. But null value is not a constant. In relational database system the attribute that has no values is defined as null values.
NONLE EVOLUTIONARY ALGORITHM
Evolutionary algorithms are specified for parameter optimization problems [5] . We used Evolutionary algorithms to generate weighted fuzzy rules.
CROSSOVER
In the crossover the SBMAC is used to produce the offspring population. For each subpopulation, µ offspring are generated.
MUTATION
In the mutation phase, the TVM operator is used to mutate all variables of an offspring [5] .
Pseudo-code structure of NOBLE EVOLUTIONARY Algorithm
The general pseudo-code type structure of the noble evolutionary algorithm is shown below [5] . 
RELATED WORKS AND VOLUTIONARY FUZZY SYSTEM
In this section, we review the Chen-and-Chen's and Chen-andyeh's method for estimating null values in relational database systems [3] . First, we can use fuzzy similarity matrices to represent relations and null value can be estimated by the closeness degree of the tuple with respect to the closest rule and use expert knowledge base [3] . Fuzzy systems generally use expert knowledge base. But in complex or simple environment fuzzy systems are not designed efficiently by using expert knowledge. Moreover, for better system performance, it is more difficult and time consuming for experts to define a complete rule sets for complex system problems, which use large number of parameters. In this paper, in order to overcome the drawback of [3] , we improve the methods presented in [3] and proposed a new method to estimate null values in relational database systems using Noble Evolutionary algorithm (NEAs).
METHODOLOGY
The implementation of the weighted fuzzy system is written in c++ and complied using the Borland c++ 4.5 compilers.
Attributes Weight Calculation
We represent a method to calculate the weight of attributes using NEAs for estimating null values in relational database systems.
FORMAT OF A CHROMOSOME
Let us consider a relation of a relational database shown in Table  2 Based on Fig 1 and Fig 2, the values of attributes "Degree" and "Experience" shown in Table I can be fuzzified into in Table II . First, we find the format of chromosome as shown in Fig3. where the value of each gene in chromosome as a real value between zero and one and 13 th gene labeled B-L shown in Fig. 4 denotes the fuzzified values of the attributes "Degree" and "Experience" are "Bachelor" (B) and "Low" (L) respectively (e.g.. the tuples whose EMP-ID are S6 and S17 as shown in Table3. Fig.3 we can see that each chromosome represents a combination of the weights of attributes, and it is a string of the attributes which will be used to estimate null values in relational database systems. A population contains a set of chromosomes, and we can arbitrary set the number of chromosomes in a population. In this chapter, we let a chromosome consist of 15 genes. Because the total weights of the attributes must be equal to one, the weight of attribute "Experience" must equal to one minus the weight of attribute "Degree". For example, we assume that there is a chromosome as shown in Fig4. Assume that we want to estimate the null value of the attribute "Salary" of a tuple whose fuzzified value of the attributes are "Degree" and "Experience" are "Ph.D." (P) And "Some what low" (SL) then from Fig.4 we can see that the values of the gene labeled (P-SL) is 0.858 and 0.131 (i.e., 1-0.858=0.142), respectively, to calculate the degrees of closeness between the tuple which contains the null value and other tuples in the database, respectively. Therefore, the contents of the chromosome shown in Fig. 5 can be translated n the following 15 rules. 
SUMMARY OF OUR METHOD
RULE BASE:
A rule base is used to indicate relationships in which some attributes determines other attributes. For example, Table I shows a set of rules including the weights of the attributes, where all rules in the rule base are given by experts, w ij denotes the weight of attributes A j of the ith rule in the rule base, w є [0, 1], 1≤i≤n, and 1≤j≤n.
ESTIMATING NULL VALUES:
The basic idea of our method is rule base shown in the Table I 
CALCULATION OF THE FITNESS FUNCTION
The fitness function measures the performance of the system. In the following, we present a method to calculate the degree of closeness between two tuples. The ranks of the terms: Where Similarity (T i .X,T j .X) denotes the degree of similarity between (T i .X) and (T j .X) , and its value is obtained from a fuzzy similarity matrix of the linguistic terms of the attribute X defined by a domain expert. Suppose that T i , T j , T k be three tuples in a relational database. Assume that the degree of closeness between tuple T i and T j is denoted as Closeness (T i ,T j ) and the degree of closeness between tuple T i and T k is denoted as Closeness (T i ,T k ) After calculating the degree of closeness of the other tuples in the database with respect to T i ,the system will pick a tuple which is closet to tuple T i ,then we can calculate the estimated value " E. Then we can obtain the fitness degree of this chromosome as follows:
Fitness Degree =1-Avg_Error. 
Encoding Method
CROSSOVER OPERATION
In our research we set the crossover rate α to 1.0. Therefore after the sections operations, the number of chromosomes in a population will continue to perform the crossover operations, where the system randomly picks up two chromosomes as the parents and randomly picks a crossover point. Then, the system performs the crossover operations on these two chromosomes at this crossover point to generate their two children. We see that the fuzzified value of the attribute experience of the tuple T1 whose emp id is S1 is SH . Therefore we pick the value of the 6 th gene label "P-SH" is 0.303. It means that the weight of attribute Degree and Experience are 0.303 and .693 respectively. The Degree of Closeness between the tuple T22 and T1 can be calculated as follows From closeness rule we get 
FUZZY RULE
CONCLUSION
In this paper Based on the best chromosome we have estimated the Null values of attributes "salary" where the attribute contain the different weight of degree and experience .After a predefined number of evolution of the NEA the best chromosome contain the optimal weight of the attribute and they are translated into a set of rules to be used for estimating Null values. This proposed method can get a higher average estimated accuracy rate.
